HacyioB Ha HACTaBHUOT MPEAMET bajecoBa ananusa Ha 1moaTouu

Bayesian Data Analysis
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10.

I{emn Ha IpeMeTHATA MpoTrpaMa (KOMITETESHITUHN):

TpaauumoHa HaTa CTATUCTHKA BO aHAIM3aTa Ha MOJIATOIM 32 OJIpe/ieH IPOOJIeM IMOCTaByBa
XHUIOTE31, KOU MOKe J1a Ouaat npudarteHu uinu otdpienn. Ho Bo mpakca oBoj mpuctam He
e cekoram npudariu. EnHa papmaiieBTcka KOMIIaHHja HE caka camo J1a 3Hae Jald HOBHOT
ek koj ro u3paboTtysa e ycnenieH win He. [loBaykHO U' € Ja 3Hae 1au JEKOT € MOyCIHeneH
0J1 IOCTOCYKUTE TPETMaHH. 3a OJITOBOP Ha OB Mpalllamke MOXKE Jia ce NCKOpUCTH bajecoBatal
reopuja. bajecoBute MeTo 1M KOMOMHHUPAAT MOAATOIM cO HHGOpMAIMHK (HaIlle BUIYyBamkE) 3a
CIIMYHM Tojaroly. MeroauTe, 3a pa3jidka O]l TpPaJAWIMOHAJIHATA CTAaTHCTHKA,
(yHKIIMOHHMpAAT U KOT'a IMaMe Masl 00eM Ha rmoiaToly. JIucrara Ha IpUMEHH € MHOTY JIOJITa|
- TeOpHjaTa MMa BayKHa yJiora BO aHaJln3a Ha nojaronu (data sience), ogaTouHo pyaapemne,
BelITaYyKa WHTEIUTCHIIN}a, METEOPOJIOTH]a, (PU3UKA, MAPKETUHT, OMIITECTBEHN HAYKU WUTH.
[Tpumep 3a enna peanna npumena - Amazon u Netflix ja kopucrar bajecoBara Teopuja 3a
Nla IPEIBUIAT KOU IPOM3BOIU/Ceprr OM He uHTepecupaie. Ha oBOj Kypc CTyJICHTUTE Ke ce
CTEKHAT CO 3HacHke 3a bajecoBuTe METOOM M KE€ IO0 NMPUMEHAT HAa pPEalHU TOJATOIH
kopuctejku R/Python.

11.

Conp>XrHa Ha TIpeIMETHATA IIporpama.

Bosen Bo R/Python. JleckpunTHBHHM CTAaTHCTHKH, BU3yelW3alyja, IapaMeTapcKu u
HerapaMeTapck TecToBH, JnHeapHa perpecuja, ANOVA. Pabora co 6a3u Ha momarouw,
SQL. MapReduce. bejecoBo mpaBuio, prior, BepoJ0OCTOJHOCT, posterior AUCTPUOYIH]a.
Mogenu 3a TUCKPETHU/HETIPEKWHATH TUTIOBU Ha nojarouu. Kowmyrupanu dpamummu (beta,

gamma-Poisson, normal-normal). ITpensumyBame Ha WIHU HacTaHH. bejecoBa perpecuja.




Loss

AIPOKCHMALUN  CO Gibbs

OpAWHAIHHA ITOAATOLH.

IToBekeqMMEH3HOHAJIEH HOPMAJE€H MOJEIL.
Mojenupame. Hekomyrupanu prior-u i Metropolis-Hastings anroputam. Metoau 34

¢ykumja. Teopuja Ha omryuyBame. Monte Carlo anpokcumanuu. Posterior-u
cemmiep. MCMC (Monte Carlo Markov chain).
Crnopenba Ha Tpynmu H  XHEPAPXHCKO

12. Meroau HA yueHe:
[IpenaBamwa, IpOEKTH, TUCKYCUH, paOOTUIIHULIN
13. |[Bxymnen pacnosnoxus (poHI Ha Bpeme 6 ECTS x 30 yaca = 180 vaca
14. |Pacnpenenba Ha pacHoJIOKUBOTO BpeMe 60 + 0+ 45+ 60 + 75 =240 yaca
15. | ®@opmu Ha HactaBHUTE akTHUBHOCTU (15.1. [IpenaBama- Teoperckal 60 yacoBu
HacTaBa
15.2. BexoOu  (;maboparopuckw, 0 yacoBH
QyJIUTOPUCKH), CEMHUHAapH,
THMCKa paboTa
16. |[Ipyru ¢popmu Ha aKTHBHOCTH 16.1. [IpoexTHu 3amaun 45 yacoBu
16.2. (CaMoCTOjHY 331291 60 gacoBu
16.3. |/lomamiHo yueme 75 wacoBu
17. |Hauun Ha onieHyBame
17.1. TecroBu 60 6omoBU
17.2. Cemunapcka pabota/ mpoekT ( mpeseHtranuja: nucmena ul40 6010BU
lyCHa)
17.3. AKTUBHOCTH H Y4CHE 10 bomoBu
17.4. 3aBpiiieH UCTIAT 0o0BU
18. [Kputepuymu 3a oneHyBame (60moBu/no 50 6oxa 5 (er) (F)
OIICHKA) on 51 mo 60 6oxa 6 (trect) (E)
on 61 no 70 Goma 7 (cenym) (D)
ox 71 mo 80 6oxa 8 (ocym) (C)
ox 81 no 90 Goma O (neser) (B)
ox 91 no 100 6oxa 10 (mecer) (A)
19. [VcmoB 3a TOTIMC M TOJNaramke Ha pealu3upaHy akTUBHOCTH 15 u 16
3aBpIIEH HCIHT
20. Ja3uk Ha KOj ce U3Be/lyBa HacTaBara MaKEJOHCKH U aHTJIMCKU
21. Meton Ha cliefielh€é Ha KBAIUTETOT Hal MEXaHW3aM Ha MHTEpHA eBallyalllja U aHKETU

HacTaBaTa




22. [lutepatypa
22.1. [BapomkuTenHa TUTEpaTypa
Pen.Op. | Atop Hacnos N3naBau 'opuna
1 Peter D. Hoff A First Course in | Springer 2009
Bayesian
Statistical
Methods
2 Joel Grus Data Science | O'Reilly 2015
from Scratch
(first  principles
with Python)
3 0
22.2. |[lonomHuTenHa JMTepaTypa
Pen. 6poj |ABTOp Hacnos M3naBau ['onuHa




